This document provides details on:
2. If I avoid activities that emit carbon dioxide I contribute to solving the problem of global warming. 3. I prefer to enjoy life without having to worry about how much energy I consume and how much carbon dioxide I emit. 4. Imagine you are buying a new car and you have to choose between a larger, more powerful car that consumes more fuel, and a smaller and less powerful car that consumes less fuel. Assume that this will be the only car you own, and that both cars cost exactly the same. Which car would you buy? Opinions among individuals and groups differ on whether addressing global warming is a key concern. How likely are you to engage in the following activities in the next twelve months?
[1 Not at all likely -4 Very likely] 1. Sign a petition in support of actions against global warming? 2. Join or renew membership of an environmental group that demands stronger policies against global warming? 3. Read a newsletter, magazine or other publication written by an environmental group that demands stronger policies against global warming? 4. Write a letter or call your member of Parliament or another government official to support stronger policies against global warming? 5. Write to a newspaper in support of stronger policies against global warming? 6. If a local, state or Federal election was called, vote for a candidate at least in part because he or she was in favor of stronger policies against global warming? 7. Give money to an environmental group that supports stronger policies against global warming?
The full texts of our treatment conditions modeled after Bain et al. (2012) and Myers et al. (2012) are 3 : Our second experiment is informed by a previous experiment by Myers et al (2012) , which found that framing climate change mitigation in terms of its public health benefits elicited positive emotional responses amongst participants. The second experiment is identical to the first except we now use a public health frame, to see if this effect can be observed with the three outcome measures we are interested in. Table 3 displays the public health frame wording we used in our experiment. Table 4 shows the other items we used in the survey. On the subject of global warming, is it your impression that among the scientists of the world … 1 Most scientists think the problem is urgent and enough is known to take action 2 Most scientists think the problem is not urgent, and not enough is known yet to take action 3 Views are evenly divided among scientists 4 Don't know Tables 2 and 3 above.]
Part 2 Control and treatment conditions [See
Part 3 Items used to construct the three outcome variables [See Table 1 Turk 2012) . This means that our sample of participants is a convenience sample, which is appropriate for a study interested in treatment effects, but not for estimating the proportion of citizens in the US who support or oppose climate change policy, for instance. Therefore while our estimated treatment effects are internally valid, we should be cautious about external validity.
Nevertheless, it is reassuring for our research that the socio-demographics of the AMT population and samples drawn from that population are well studied in the literature. It has been shown that the demographic distributions of typical AMTrecruited samples are not very different (compared to national statistics) from samples obtained through traditional surveys, such as mail-in or random-digit phone based surveys (e.g., Amazon Mechanical Turk, 2012; Berinsky et al., 2012; Mason and Suri, 2012; Ross et al., 2010) . Recent research has also shown that Mechanical Turk samples closely resemble the psychological divisions of liberals and conservatives drawn from representative samples (Clifford, Jewell and Waggoner 2015) . Furthermore research comparing treatment effects between nationally representative and convenience samples finds that both show similar results (Mullinix et al. 2015) . This suggests that the results obtained in our study, and particularly the treatment effects in which we are primarily interested, would remain similar to what traditional survey recruitment would have produced, within standard margins of error. Table 5 displays socio-demographic distributions for ideology (liberal vs. conservative), education, income, gender and age for our sample and the US population (based on census data). The comparison shows that our sample tends to be somewhat more liberal, younger, better educated and composed of more men than the US population. For income the sample is close to the US population data. These differences are worth noting, but do not affect the internal validity of our analysis,as we focus on the effects of emphasis frames and not on inferences about climate change attitudes and preferences of the US population per se. This also means that we do not apply statistical weighting techniques to "correct" for differences between the socio-demographic distributions in our sample and the distributions captured by census data, as would be required for making inferences concerning the entire population of a country.
Balance Statistics
As previously mentioned, our survey experiments were conducted in two rounds. Experiment 1 compares the Climate Risk (control) condition with either the Good Society or Economic Co-Benefits conditions. Experiment 2 compares the Climate Risk (control) condition with the Health Benefits condition. Even though in each experiment respondents were randomly assigned either to the control or a treatment group, one might worry that the pool of respondents who accessed our survey experiments through AMT might be significantly different between the two sets of surveys, making direct comparison of the treatment effects less conclusive. Table 6 summarizes the results of the two-sample t-tests. On four of the five main demographic characteristics-gender, education, partisanship, and income, the null hypothesis, that the mean scores of the two samples are the same, cannot be rejected at conventional significance levels. This means that the two samples are very similar on these three dimensions. However, in terms of age, Experiment 1 respondents turn out to be on average, about 2 years older.
These balance tests show that the two samples are balanced along the main demographic characteristics, except the age variable. However, this age difference is not substantial: in Experiment 1 the mean is 33.1 and Experiment 2 the mean is 31. We do not see a theoretical reason why this small difference in mean age should influence the treatment effects systematically. Therefore, we conclude that it is safe to directly compare the treatment effects between experiments. The five socio-demographic variables are: Age: ranging between 18 and 76. Female: a dichotomous variable of 1 for male and 2 for female. Education: a 6-point scale of 1 (no high school degree), 2 (high school graduate), 3 (some college but no degree (yet)), 4 (2-year college degree), 5 (4-year college degree), 6 (postgraduate degree). Party ID: a 7-point scale (as in the American National Election Studies (ANES)) of 1 (strong Democrat), 2 (weak Democrat), 3 (lean Democrat), 4 (Independent), 5(lean Republican), 6 (weak Republican), 7 (strong Republican). Income: a 16-point scale of yearly household incomes from 1 (less than $10,000), 2 ($10,000-$19,000), … to 16 ($500,000 or more).
We also examine balance statistics across all control and treatment groups. This is a stronger test to ensure that there is no systematic difference between respondents' characteristics based upon our treatment conditions, and assess whether the randomization was successful. We use one-way ANOVA tests, with the null hypothesis being that the mean scores across all control and treatment groups are equal. If we fail to reject the null hypothesis, then we can be reasonably sure that our random assignment of treatments was successful and the respondent characteristics in all groups are the same, making it safer to compare the treatment effects.
Again, other than for age, the across-group mean differences are not statistically significant with respect to four of the demographic characteristics, suggesting that random assignment of the control and treatment groups was mostly successful in our experiments (Table 7) . In terms of the average age, a one-way ANOVA test without the Health condition shows that the inter-group means are statistically indistinguishable across the other four groups. Therefore, overall, we are quite confident that random assignment was successful and we can make meaningful comparisons of treatment effects. Given that we conducted two different experiments we also examine whether there are differences in the responses for the outcome variables between the two control groups. Table 8 displays the results of One-way ANOVA tests for each of the three outcome variables. The results show that there is not a statistically significant difference in the environmental citizenship and behavioural intention variables at conventional levels, however there is for the policy support variable. In this case the mean of the outcome for the control group in experiment 2 is 0.04 higher than in experiment 1. Whilst this difference is statistically significant, it is not substantially large, corresponding to approximately 0.18 of the pooled standard deviation for the control groups. Given that we conducted two different experiments we also examine whether there are differences in the responses for the outcome variables between the two control groups.
Operationalization of Variables
Each of our three outcome variables is constructed from multiple survey items, in order to better measure preferences in these three areas. We use confirmatory factor analysis (CFA), as this is a principled way to aggregate multiple items into a consistent index. This helps alleviate potential measurement errors, and also improves construct validity of the outcome measures. This consideration is particularly relevant when the targeted measure is multi-faceted or not directly observed.
We conduct the CFA using polychoric correlations, as our survey items are ordinal and not continuous in their level of measurement.
5 5 More specifically we use the polychoric function in Stata to estimate the CFA. The results of the CFA mostly support our conceptualization of the composite environmental/support measures. As can be seen in Table 9 , most factor loadings are in the conventional acceptable range of 0.6-0.9 (except two items that belong to Behavioral Change Intentions), and the Cronbach's alpha value is also mostly above the conventional acceptance level of 0.7 (except Behavioral Change Intentions). Overall, by conventional standards the first two outcome variables turned out excellent and our Behavioral Change measure turns out to be weaker than we theorized. Since the indicators (both the alpha and loadings) are not very far from conventional thresholds and we believe all the items we included for this measure are theoretically relevant, we decided to keep this variable as it is, instead of using the method for more exploratory purposes.
After carrying out the CFAs, the latent Environmental Citizens, Policy Attitude and Behavioral Intentions variables were constructed by regression methods, using the weights suggested by the CFAs for each survey items.
We also recode the questions used for sub-group analysis to ensure that we have a large enough group of respondents within each category to reliably estimate treatment effects. Table 10 below displays the recoded categories used for the statistical analysis of heterogeneous treatment effects. 
Design of the Statistical Analysis
We use regression analysis (OLS) to estimate the treatment effects displayed in the paper. To estimate the group specific treatment effects, i.e. the treatment effect for those who do not believe climate change is serious, we include multiplicative terms between the treatments and the groups. This is done for all groups in the same model, to increase the validity of claims that membership in a particular group affects the treatment effect and not that this group membership is associated with other factors that may affect the treatment effect. 6 After estimation, we use the observed value approach (Hanmer and Kalkan 2013) to generating the treatment effects displayed in Figure 3 in the main text. 6 This is because unlike the treatments, group membership is not randomly assigned. Therefore the usual logic of control variables in observational studies is needed to reliably estimate group specific/heterogeneous treatment effects. 7 These are computed using the margins command in Stata.
Additional Results
In the main text, we displayed the pattern of responses to the outcome variables based upon whether respondents thought climate change was a serious issue or not (Figure 2 ). Below are similar plots for other groupings related to our questions on climate skepticism, awareness and ideology. The figures share a similar pattern to those in the main text. We also examine whether the estimated effect of the treatments change dependent upon the time a respondent took in participating within the experiment. It is possible that framing effects could occur for those who reflected longer on the provided texts, as they may better internalise the frame. 8 To do so we specify interaction effects in the regression models for estimating the effects of treatments. We allow the treatment effect to be conditional upon: 1) the amount of time a respondent took to complete the survey (linear effect) 2) the cubic polynomial of time that a respondent took to complete the survey (non-linear effect).
Figures 5 -10 display these estimated conditional treatment effects, ranging from the 5th to 95th percentile of time to complete the survey. As the figures show there is no systematic pattern regarding the effects of treatments being conditional upon the length of time taken on the survey. Therefore we do not find evidence suggesting that there is a stronger treatment effect for those who took more time to reflect upon the treatment. 
Correction (21/03/16): Excluding Don't Knows
As stated previously in the supplementary information, our research design excludes respondents who answer "don't know" to the question about anthropogenic climate change. However a coding error resulted in 31 and 16 such responses being classified as believing in anthropogenic climate change, for experiments 1 and 2 respectively. In this section we present the results re-estimating the treatment effects when correcting for this coding error. As will be demonstrated this does not meaningfully affect the results and inferences of the original analysis, and if anything strengthens our claims of the ability for re-framing to increase support for climate policy. 9 First we visually compare the original estimated treatment effects to the corrected treatment effects. Figure 11 plots the original treatment effects (y-axis) against the treatment effects from removing the "don't know" responses (x-axis). Points above the 90 degree line indicate treatment effects that were more positive in the original analysis than the corrected analysis. We can see that most points (approximately 65%) fall above this line, suggesting we overstated support for the positive effect of re-framing in the original analysis. However these differences are very small, as can be seen when plotting the difference between the two treatment effects as is done in figure 12. Further comparison of these effects finds that of the 135 treatment effects that were not statistically significant (p-value < 0.05) in the original analysis, 1 becomes statistically significant in the corrected analysis. However this treatment effect is negative further supporting the lack of evidence for reframing increasing public support for climate policies.
Finally figure 13, plots the original and corrected treatment effects together in one graph (following the structure of figure 3 in the Letter). This further reinforces the minimal differences between the original effects and those effects obtained when removing the "don't know" observations. In summary the coding error does not meaningfully change the results and inferences made in the letter, and if anything further support the claims made. 
